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Traditional Scoring System
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The recognition gap in critical care
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Aim of the review

To analyze the predictive performance, clinical applications & real world
implementation challenges of machine learning in critical care
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What is machine learning ?
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Traditional scoring Vs Machine Learning
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Traditional scoring Machine learning
e Predefined variables

e Learns from large datasets
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Results : Predictive performance

AUC values : 0.77 - 0.95

Predictive window : 6 — 72 hrs before clinical
recognition
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Outperforms traditional scoring systems
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Best performing models : XGBoost, Random
Forest




Clinical applications

Early sepsis *  Structure + unstructured data improves
detection detection : 48 hrs before
»  Structured data alone : 12 hrs before

Organ
dysfunction « ARDS :24 — 48 hrs before
. e VAP : 24 hrs before
G e AKI : 24-48 hrs before
Treatment . o
Optimizati on * Ventilator optimization

*  ARDS phenotyping
 ECMO selection




Translational challenges & future directions
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Reactive care
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