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INTRODUCTION

• Infertility affects 1  in 6 individuals globally 

• IVF has been a groundbreaking advancement in 
ART since the birth of “test-tube baby” in 1978

• IVF live birth rate is 30-50% per cycle.

• Embryo selection is critical for success.
Louise Joy Brown, the first baby conceived 
through In-Vitro-Fertilisation(IVF), born in the 
year 1978 in Oldham, England.

Image source: Tech 2 news staff, 2019



RESEARCH GAP

• Success rates remains optimal.

• Subjective Visual Embryo Assessment 

• Inter-observer variability 

• Lack of standardized predictive system



AIM

To evaluate existing research on the Diagnostic Performance and 
Clinical Applicability of Artificial Intelligence in Embryo Selection in 
IVF”



AI FRAMEWORK

• Input: Time-Lapse Embryo Imaging 

• Processing: Deep Learning Models 

• Output: Implantation Prediction Score

Image source: David-Olawade, A. et al, Artificial intelligence in in-vitro 
fertilization (IVF): A new era of precision and personalization in fertility 
treatments, 2025



TIME-LAPSE IMAGING MODEL

Video: PRAGA MEDICA (2024)



• Pooled Sensitivity of 0.69 
• Pooled Specificity of 0.62. 

RESULTS

• Positive likelihood ratio: 1 .84
• Negative likelihood ratio: 0.50



Hierarchical summary receiver 
operating characteristic (HSROC) 
curve
• Area under curve (AUC) was 0.7 with 

95% CI ranging from 0.66 to 0.74

RESULTS

Image source: Mina, A et al., Predicting pregnancy 
outcomes in IVF cycles: a systematic review and 
diagnostic meta- analysis of artificial intelligence in 
embryo, 2025



APPROVED AI MODELS

Life Whisperer AI evaluated by 
VerMileya et al., showssensitivity and 
specificity rates of 70.1% and 60.5% 

Fairtility CHLOE Blast  first and only AI 
powered embryo assessment tool to 
receive FDA clearance 



DEHUMANIZATION ALGORITHMIC BIAS

ETHICAL 
TRANSPERANCY

DATA PRIVACY & 
SECURITY

ETHICAL CONSIDERATIONS



CONCLUSION

• AI shifts embryo selection from descriptive to predictive

• Potential to improve IVF efficiency and personalization

• Need for multicenter validation

• Ethical/regulatory concerns
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