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« Databases: PubMed, Scopus,
Science, Google Scholar

« Screening & reporting: PRISM ‘;
framework ¥
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INnclusion criteria:
1. Human clinical datasets

Al-based diagnostic, triage, or ¢ o)
models

Emergency medicine focus

. Quality assessment tools:

QUADAS-2 (diagnostic accuracy)
PROBAST (prediction models)

RECORDS IDENTIFIED THROUGH DATABASE SEARCH (2020-2025)

PubMed: 624 Scopus: 488 Web of Science:332 Google Scholar: 711

I | | |

Total records identified:

n= 2,155

Duplicates removed:

n= 615

\L Excluded: 1,372
Reasons:
« Not emergency setting

Title & abstract screened: :? « Not Al-based

n= 1,540 - o

« Non-clinical datasets
« Commentary without data

L Excluded: 153

Reasons:
. . « Editorial only (n=21)
Full-text artlc:ZSBassessed. ______.? . No outcome metrics (n=37)
= « Non-human dataset (n=18)
« Qutside ED scope (n=29)
\(I « Methodologically weak (n=48)
Systematic Reviews / Meta-analyses:
5
Included in qualitative synthesis: > Umbrella / Scoping Reviews: 4
15 high-quality studies Primary Validation Studies: 1

Operational / Implementation /
Narrative: 5
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